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* Results are NOT sensitive to the variance truncating point used for dimension reduction.

Sensitivity analysis by PSUADE
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* What are the vertically-resolved cloud retrieval uncertainties on the model temporal resolution * 0.5-hraverages of LWC (top) and IWC (bottom) at SGP on 2006/05/10
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e Uniform distribution 1s used for perturbing retrieval parameters.
* Retrieved LWC possibility distribution functions (PDFs) at 5 km by adding instrument noise
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