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Abstract Microphysics and Uncertainties from MICROBASEPLUS Cloud Condition ID (CCl)
The OGRE-CLOUDS framework effort aims to: 1) produce vertically resolved MC3E at SGP The CCI algorithm may use ARM instrument datastreams, high-order value-added
column above an ARM site under all cloud conditions with 2) the ability to algorithm. The CCl should output a binary mask in time-height space identifying
Implement neW, Cond|t|0na| (|e, appllcable Under SpeCIerd Cloud Condltlons) Liguid Water Content_sgpmicrobasekaplusC1.c1.20110601.000000.nc 0.7 Liquid Water Content Uncertainty Random_sgpmicrobasekaplusC1.c1.20110601.000000.nc When and here the new algorithm can be properly applied.
] ] 0.16
retrieval techniques and 3) a diagnostic package for comparison and evaluation e 0.6 + '014
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of the MICROBASE algorithm, MICROBASEPLUS, including: 1) full integration of z o Mo < L | | E testing CCI on the new state-of-the-art retrieval algorithms:
the MICROBASEPLUS algorithm into the ARM Data Integrator (ADI) 2) and i W | 033 7 T Ice and Snow Retrieval Algorithm — retrieval is performed over ice/snow layers, if:
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guantification of uncertainties of the cloud microphysical quantities using a 4 - | 0.2 4 - o 000 1) temperature lower than -5 degrees C,
perturbation method first applied through the ARM Quantifying Uncertainties in 5] g WMWW o # el Wi o1 N ‘ ") %Wm,wﬂé 0o o 2) maximum reflectivity less than +15 dBZ,
Cloud Retrievals (QUICR) focus group. L . 0o 3) Doppler velocity in no riming conditions lower than 1.75 ms™,
0 > 10 e thoun 20 | 0 > 0 e thoun 20 | 4) Doppler velocity in riming conditions lower than 2.5 ms™,
5) cloud depth larger than 100 m.
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A perturbation method (Zhao et al. 2013) is used to estimate uncertainties in from decomposed Doppler spectra, enables us to relate the mean Doppler
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